Harrison and Rubinfeld Data Description

In a well-known paper, Harrison and Rubinfeld (1978) investigated various methodological issues related to the use of housing data to estimate the demand for clean air. They illustrated their procedures using data from the Boston SMSA with 506 observations (one observation per census tract) on 14 non-constant independent variables. These variables include levels of nitrogen oxides (NOX), particulate concentrations (PART), average number of rooms (RM), proportion of structures built before 1940 (AGE), black population proportion (B), lower status population proportion (LSTAT), crime rate (CRIM), proportion of area zoned with large lots (ZN), proportion of nonretail business area (INDUS), property tax rate (TAX), pupil-teacher ratio (PTRATIO), location contiguous to the Charles River (CHAS), weighted distances to the employment centers (DIS), and an index of accessibility (RAD).

Belsley, Kuh, and Welch (1980) used the data to examine the effects of robust estimation and published the observations in an appendix. It also is one of the few moderate sized hedonic data sets available on the Internet (via STATLIB). Many authors have used the data to illustrate various points. For example, Krasker, Kuh, and Welch (1983), Subramanian and Carson (1988), Brieman and Friedman (1985), Lange and Ryan (1989), Breiman et al. (1993), Pace (1993) , Gilley and Pace (1996), Pace and Gilley (1997), and McCulloch (forthcoming) have used the data to examine robust estimation, normality of residuals, nonparametric, and semiparametric estimation. Essentially, a cottage industry has sprung up around using these data to examine alternative statistical techniques.

Below I have appended a column explaining the variables and another column with the OLS estimates and associated t ratios. The files xdata.asc contain non-constant independent data variables in the same order as presented in the table. The files ydata.asc contains the dependent variable (ln(price)). The files ycoord.asc and xcoord.asc contain the latitude and longitude variables. 

example output

typrun_hr.txt
Harrison and Rubinfeld Data

Variable names with brief explanation below
OLS Estimate with t ratio in parentheses


OLS Non-Spatial

CRIM 
-0.01177

variable measuring crime
-9.59982

ZN
0.00009

variable measuring zoning
0.18419

INDUS
0.00018

variable measuring amount of industrial land
0.07684

CHAS
0.09213

variable measuring contiguity with the Charles River
2.81632

NOXSQ
-0.63724

variable measuring squared Nitrous Oxide Concentration 
-5.71666

RM2
0.00626

variable measuring squared number of rooms
4.83813

AGE
0.00007

variable measuring age
0.13693

DIS
-0.19784

variable measuring distance to the center of Boston
-6.01353

RAD
0.08957

variable measuring accessibility
4.75120

TAX
-0.00042

variable measuring tax burden
-3.46758

PTRATIO
-0.02960

variable measuring pupils-to-teachers
-5.99254

B
0.00036

variable measuring race
3.55443

LSTAT
-37.489

variable measuring proportion of lower status individuals
-15.21505

Unweighted R2 
0.8108
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